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Fig. 1 Schematic illustration of developed learning system based on DQN
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Table 1 Configuration of CNN

Layer Dimension Layer Dimension
Input [ 40, 40, 1] Deconvolution® [ 10, 10, 128 ]
Convolution® [ 40, 40, 32 ] Deconvolution@ [ 20, 20, 64 ]
Convolution@ [ 20, 20, 64 ] Deconvolution® [ 40, 40,32 ]
Convolution® [10, 10,128] Output [40, 40, 2]
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(a) Output of CNN (b) Preprocessed (c) Binarized (d) Extraction of line

Fig. 2 Procedure to select an action
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Displacement in z direction (mm)
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Displacement in z direction (mm)
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